Exo2

4- Montrez que

y'XB = [3'Xy
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On sait que la transposée d’une matrice 1x1 a, , est (alxl ) = Oy

Alors on sait que
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5-We have the following linear regression model for K = 2 with a constant:

Y =B + By t g

In matrix form we have
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With the estimator 3 = (X’X)~' X'y in matrix form we can write and expand thereafter into summations:
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Hence,
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We can rewrite the denominator as’
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From the variance and the covariance’ equation we can write:
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With the subtraction we have
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And from the covariance equation again we can write:
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Thus for the model with one constant and one varying regressor we have:
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And from that we can compute
Bl =Y - ﬁz T,

This is a big mess, this is why we prefer the matrix notation and the more sexy and talkative matrix algebra
3 = (X'X)"' X'y expression.



